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Abstract

Escalations of severity and intermittency halveen longheld belie6 among domestic abuse
scholars and practitioners. This study looked at over 36,000 police records of domestic abuse
between2009 and 2014 recordd by Suffolk Constabulary, a police force in the east of England.
The objectives were to identify patterns in escalatioh severity and intermittencyand
concentration of harm, using the Crime Harm Index as the instrument of sewarityharm

measurement

The study found no evidence fatatistically significaniescalating severity among a
cohort of 727unique victim and offender units, known dgads which called policdive or more
times in a three year periodThere was however, evidende suggestthat intermittency
decreasedover time among the same group. The study also found that wibéo of dyads
reported to policejust once, less than 2% afl dyads accounted for 80% of all domestic abuse
harm. In over half of thesdigh harmdyads, there hadoeen no prior contact with police
regarding domestic abusand in these cases, victims were raasften norWhite British, male

without children and from less areas than was typical of all dyads.

The study alsareached two other notable conclusions. Firgtl that the conditional
probability of reporting domestic abuse rose with each additiar@land that after the thirdcall
for service a dyad was more than 50% likelydall again Secondly, that 17% of domestic abuse
offenders committed offences aganmore than one victim. This represented 47% of all repeat

domestic abuse offenders.
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Introduction

Domestic Abuse in England and Wales
G!'ye AYOARSYUG 2N LI GGSNY 2F AyOARSydGa 27
violence or abuse between those aged 16 or over who are, or have been, intimate

partners, or family members, regardless of gender oddexX A G & €
UK Home Office Definition of Domestic Abuse

If domestic abuse was once a crime in the shadows, then it is no loiiger UK
government has made it clear to police forces in England and Wales that domestic abuse
is a priority and with the findingsfahe recent HMIC inspectio(HMIC2014) of the
LI2f A0SQa NBA&ALRYAaS§ had thaddip afeGratliah farced aredrdtSdding
enough.

¢CKIFIG R2YS&A0GAO |0dzaS Aa daoA3d odzaAySaat
notion. Not only is it apparently widespad, it is also high harm and high cost and as such

seriously affects the lives of some of its victirBgholars have written about domestic

abuse and its variants (domestic violence, intimate partner violence -baifeering) at

length since Feld and $tdzA Q 62N 2y GKS bl A2yt CF YA

revealedthe extent of the problem in the United States. The HMIC quotes costs of
£15.7billion per year (HMIQQ14), and 77 deaths of women in the UK linked to domestic
abusein 2012/13. Although tlese figures aréower than the figures published in 2008
(Richards et al., 2008), they are considerable nonetheless. The problem is not unique to
the United Kingdom as researdtas repeatedly showrviolence by men against their

wives is rooted in Romanaditions (Dobask& Dobash, 1979) and it is possilitet it

(
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pervades the majority of societies across the woltht only hasthe Crime Survey of
England & Wales (CSEW) estimated that 31% of women and 18% of men in the UK have
been a victim of domestic alse at some point since they were sixteen, American
scholars havdor some timeestimated theannualnumber of cases to be in the millions
(Stark, Flitcraf& Frazier, 1979; Straus @elles, 1986Sherman, 1992 21 century US

police recordsendorse thesefindings: etween 2003 and 2012 there was on average
more than 1.4 million recorded cases of domestic violence each Yeaman & Morgan

2014) In the UK theannualnumber is over 200,00Q around 8% of all recorded crime
(HMIC,2014) and widely believe to be highly underreported. With these numbers, it

may be that the appropriate term is n§droblemQbut ¥pidemi€Q

Escalation of Severity and Intermittency in Domestic Abuse

Yet despite therich body of researclon domestic abuseverall much is stil unknown
about particular aspectsespecially in the United Kingdom. Until very receniglice
Chief Officers wereasserting in publicdhat victims of domestic abuse suffered 34
episodes prior to reporting to police. This figure was exposed as highljogp by
Cambridge scholars in 2014 (Strang, Shermdtegroud, 2014). Another potential myth
is that of escalatiorg the notion that over the life of a domestic abuse relationship the
severity and frequency of violent events will increase with each &rrteport. According
to Pagelow (1981pgscalationis something on which researchers can ag@éough she

does not make it clear why

Indeed, in England & Wales, police and otbaganisations Ave put escalation at
the centre of their efforts to assesrisk of harm in future cases. All English and Welsh

forces are required to complete a risk assessment form with the vietien if no crime



has been provenThat risk assessment (known @ASHK), which to varying degrees is

later validated by a speciati asks specific questions about escalation in severity and
frequency. If the answersto eithe&r ¥ (1 K2 a S |j dzSthdicAse godld ble iden a¥e S & Q
higher risk rating and access to further support services and other resources. Yet while
published liteature asserts that violence generally shows patterns of escalation (Richards

et al.,, 2008), question marks remain about tegtent of the empirical evidencehat

supports the theory

Although escalation has been often cited in research and domestic abuse
publications as an evidenced phenomenon (Pagelow, 1981; Richards et al., 2008; Walker,
1979, 1984), the evidence is at best, mixed. The literature review chapter that follows this
introduction examines just how mixed the evidence is, and where the impbigaps

remain.

Purpose and Structure of This Research

This research aims to add to the bodyresearchon escalation and the general
understanding ¥ KI N¥ Ay R2YSAaGAO Fo6dzasS OFaSaod L
(HMIC,2014) and the strong pulic response by the Home Secretd(yasciani2014),
that the police in England & Wales are on the cusp of a new paradigm in the policing of
domestic abuse. Data gathering, risk assessment and cultural values will all be re
examined. This research willedeto establish if the theory of escalation should be part of
the future paradigm and if so, consider how. Further evidence will be needed across the
field of domestic abuse to help police and partners address the gaps highlighted by HMIC.
The principle & SNI A2y GKIF G F2NOS& INB SljdzA LILISR T

acquisitive crime which should move over for domestic abuse may have some merit, but

10



current suggestions as to future direction are far from adequate. For example, it is
unclear what eidence HMIC has collected to enable it to state that police should
consider using the same tactics they employ for serious and organised crime groups
against domestic abuse perpetrators. Contemporary research, such as this, should
challenge these assertisnin a way that helps refine and build an evidebesed

strategy for targeting domestic abuse with proven, tracked tactics.

To try to contribute to this aim, this research will focus its analysis on three
principle areas set against a dataset of ovéf080 domestic abuse events that were
reported to Suffolk Constabulary betweer January 2009 and $March 2014. Firstly, it
will address the issue of escalation of severity and intermittency in repeat cases. For the
former, the Cambridge Crime Harm Ind&Hl) has been employed as the instrument for
measurement of severity (Sherman, Neyro&dNeyroud, 2014). The literature review
chapter contains a review of literature around severity and harm measurement
methodologies and the methods chapter a detailaghlysis of CHI. In this regard, this
study represents one of the early attempts to use this measurement tool against a deep
and detailed dataset and with luck this will prove useful to those who follow in
attempting to use CHI for similar analyses of hafime number of days between calls to

police will be used to measure intermittency.

Secondly, this study will use CHI to profile individual dyads (couples of offenders
and victimsas distinct, unique uniysfor concentrations of harm. This is some of thstfi
research into domestic abuse of this kind and will attempt to test the theory of the

G L2 6 SNJ T S ¢ 20070ntHe SaNt¥xk of Barm rather than volume.
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Thirdly and finally, this research will use conditional probability and anali/§lsil
scoresin tandemto try to identify ways to predict those cases which are likely yield

further demand and further serious harm for law enforcement agencies.

The next section is the literature review chapter, which as described, considers
the evidence and theoriethat exist in respect of domestic abugarticularly repeat

victimisation, escalation and measurement of severity.

This is followed by a chapter on methodology which will set out the five research
guestions this study seeks to answer. It will also sunigeathe process of data cleaning
and preparation and the analytical techniques used to answer the five questlins.
chapter closes with ra assessment oéxternal validity.For those readers tempted to
dismiss these findings because their own jurisdiftioA & dady 20 KAy 3 € A1 S { dz

is a recommended read.

The chapter on results presents the findings in detail under the heading of each
guestion. This includes a section on the profile of the data which examines the issue of
external validityfurther. Finally, thediscussion chapter examines the strategic and
tactical implications the findings of this research, particularly in light of the forthcoming
Authorised Professional Practice that is due to be published by the College of Policing and
the recommendations set out by HMIEINIC,2014). All of this content is then drawn
together in the final chapter which attempts to make a reasoned and progressive

conclusion.

12



Literature Review

Domestic abuse is often heralded by scholars and agencies aisna epidemic of
modern times. The field of domestic abuse (here taken to incorporate wife battering,
domestic violence and intimate partner violence) has one of the deepest bodies of

research of any type of crime, but gaps and limitations remain.

Thischapter will consider the literature on domestic abuse and in particular the
phenomenon of repeat victimisation. It will also examine what theoretical concepts and
evidence on escalation in domestic abuse. Escalation is one of the areas that has been
scrutnised comparatively sparsely when compared to other aspects of domestic abuse,
but this has not prevented it from becoming an accepted fact and an underpinning
feature of domestic abuse risk assessment in England and Wales (Richards et al., 2008).
This clapter will therefore attempt to describe the nature of escalation as established by

evidence and at the same time discuss the research studies which fail to evidence it.

The chapter concludes with a review of the literature on instruments for
measuring dme severity. As this study will attempt to track the trajectory of severity
over a longitudinal period for multiple units, it will require the application of such an

instrument and so consideration of those used in the past is pertinent.

Extent of Incidene and Harm in Domestic Abuse

Research varies widely in its assessment of how much domestic abuse there is in

populations but the existing evidence universally points to one general conclusion; it is a

13



widespread occurrence which affects many millionspebple around the worldDar,

2013; Truman and Morgan, 2014)

HMIC 2014 reports that there were 269,700 domestic abuse crimes recorded by
English and Welsh Police Forces between April 2012 and March¢@0ige 8% off all
crime. It is likely this is jusheé tip of the iceberg. The Crime Survey of England & Wales
(CSEW) estimated that in 2003 there were 12.9 million incidents of domestic violence
(Walby & Allen, 2004). The same report estimated that 6% of women and 5% of men had
been victims of domestic Vience in the previous yeaBy 2011/12,the estimate for
women had been revised upward to 7%Dar, 2013). Even more strikingly, the CSEW
revised its 2003 estimates of women and men who had been a victim of domestic
violence at least once since the ageléfup from 21% and 10% respectively to 31% and
18% in 2011/12 (Walby & Allen, 2004, Dar, 2013). CSEW is a bighljisedsurvey
which uses a stratified, mulitage random probability design to identify a representative
sample of the over 16 populatios suchthis research provides very strong evidence

that domestic abuse is widespread

Other UKorganisations involved in tackling domestic absseh as Gordinated
Action Against Domestic Abuse (CAADA) have used CSEW data to conduct estimates
based on isk. CAADA claims that 100,000 women are at risk of serious harm and murder
(CAADA, 2012). This is a highly questionable figure, however. CAADA used Walby and
Allen@ analysis of women who had been victims of domestic violence and sexual offences
and stalkng as a proxy measure for being at risk and subject to a pattern of abuse. No

criteria concerning patterns of escalation was applied and indeed there is no evidence

1 This estimate included necrime incidents as well as crimes.

14



presented as to why being a victim of all three forms of crime should elevate the r&dk lev

above a person who had suffered from just one or two forms.

Scholars outside England and Wales have also concluded that domestic abuse is
widespread. Straus and colleag@sork on the National Family Violence Surveys
conducted in 1975 (n=2,143 fare#) and 1985 (n=6,002 families) allowed Straus and
Gelles (1986) to calculate the rate of domestic violence at 160 per 1000 couples (1975)
and 158 per 1000 couples (1986). This led to estimates of around 1.6 to 1.8 million
women as victims of domestic Vemce each year in the United States (Straus & Gelles,
1986, 1990b). Other scholars went further with estimates ranging from two million to
four million (Stark, Flitcraft & Frazier, 1979; isfsaw, Ganley & Saber, 1995). Sherman
(1992) suggests that Americgolice attended 8 million domestic abuse calls around the

time he wrote.

Alongside the literature that evidences the widespread nature of domestic abuse,
there is considerable evidence that it generates high levels of harm, both economically to
populatons and to the health of individuald/alby (2009) examined the costs of
domestic violence in respect of services, lost economic output and human and emotional
costs. She found that in 2008, domestic violence cost the UK economy £15.7 billion, a
figure gwted by HMIC 2014 to illustrate the impact of domestic violence. What is
interesting about this figure is that it is a reduction of over £7 billion on 2001. Walby cited
the decreasing rate of domestic violence as a key driver, but equally interestivag the
cost implications for services (police, courts and other agencies) rose in the comparison
period. This cautiously suggests that more victims were engaging with the services

available to them and that the scale of the domestic violence issuee(mst of its

15



incidence) was beginning to contract. While this evidence is partially lagichkere is so

much domestic abuse, it follows that the associated costs should be signifigant
remains somewhat generalised. The majority of the costs attrithite domestic abuse

FNB fAY1SR (2 aKdzYly FyR SY2GAaz2ylf O2adat
pay to avoid being victims of crimes. This is clearly open to methodological criticism from

a number of perspectives.

There is more specific evidem concerning the effects that domestic abuse has on
the health of its victims. Research has identified that domestic abuse victims are five and
half times more likely to suffer from alcohol or substance misuse than those who were
not victims, and three thes more likely tacommit suicideor suffer fromPostTraumatic
Stress Disorder (PTSD) and depression (Golding 1999). Domestic violence victims
(controlled for obesity and family history) more often have type Il diabetes than those
who are not domestic alse victims (Kendallackett & Marshall, 1999). Domestic abuse
victims have also been linked to a range of physical conditions (Koss, Koss & Woodruff,
1991), bed confinement (Stets & Straus, 1898nd lower sefrating of their own health

than nonvictims(Straus & Gelles, 198

The aggregate picture of this research is that domestic abuse is a widespread
problem with dangerous implications for individuals and populations. There is little
difficulty in presenting a justifiable case for tackling it, brstfit is important to develop

a greater understanding of the specifics of the issue.
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Repeat Victimisation

Alongside the body of evidence for the widespread occurrence of domestic abuse, there
is an equally robust range of research that a high proparof it occurs among a small
proportion of the populationThis type of concentration extends to other forms of crime,
analysedby different types of units such as place as well as person.ctheept of
clustering of high volumes of crime among a smatipprtion of the overall units is

1Yy26y +a WiKS LR26SNI FS6Q O0{KSNXNXIYSZ HAATOL®

For instance, Walby & Allen (2004) found that of their estimated 12.9 domestic
incidents, just 28% were accounted for by people who reported just one incident. Walby
and Allen idetified that some female victims had suffered very high numbers of
incidents. They found on average, female victims experiém@most 20 incidents in the
twelve months preceding their survey. Male victims experienced just seven. They also
found that of thewomen who reported they had been a victim of domestic violence at
some point since they were sixteen, 32% stated they wargmisedmany times by the

perpetrator of the worst incident. Again the figure for men was much lower at just 11%.

Feld & Straus1090) conducted a twelve month follow up of their 1985 NFVS
survey and found that 66% obuples,who reported violence in the first return, reported
further calls in the subsequent twelve months. The same data led Straus to conclude that
women using shedlr services were reporting on average 15.3 incidents per year (Straus
1990c). Others have found considerably more; Okun (1986) repbrincidents per year
and GilesSims (1983) a similar average of 68.7 (albeit in a much smaller sample of 31
compared toOkur@ 300).

17



Further data on repeat offending and victimisation come from experiments
designed to test the effectiveness of police strategies. Several of these are reviewed by
Sherman irPolicing Domestic Violence: Experiments and Dilemimadke book, Berman
describes a Minneapolis based experiment which tested the effects of arrest or other
measures on repeat offending and four variations of the same experiment in other cities.
As one might expect from experiments predicated on the existence of repeat
victimisation, each study presented evidence of it but also interesting findings concerning
the impact of police response. The Minneapolis experiment found that the rate of
reoffending within six months ranged from 10% to 24% depending on the treatment
applied (Sherman, 1992). Omaha, the closest replication of Minneapolis found that the
rate of repeat victim reports ranged from 558 per 1000 to 715 per 1000 (Sherman 1992).
While the findings did not replicate one another precisely, both showed evidence of
repeat victimisation or offending as a phenomenon. The Charlotte study, which followed
Omaha, found repeat reoffending at six months follow up in between 12% and 19% of
cases. Milwaukee found between 26% and 27% at a nine month follow up and in-Miami
Dadebetween 10% and 18%f victims reported agaimat six month follow up (Sherman,

1992).

ChamberaMcClellan (2002) also found evidence of repeat victimisation at a
household level. She analysed 19,686 recurrent residential domestic abuse Emergency
911 callseceived in Georgia in 1997 from a possible residential total of 57,221. 47% were

households which called a single time and a further 18% were discarded at the coding

18



stage. While ChambetdcClellal® work has some obvious limitations (roesidential
callswere excluded and the study is limited to one year of call records), there is still
evidence for high levels of repeat victimisation. At the base level 53% of households
reporting domestic abusenade more than one call in a year and indeed Chambers
McClelan found a number of households with particularly chronic issues as illustrated in

table 1.

Tablel: Distribution of Recurrent Domestic Violence Episodes by Call Frequency from Households
(ChambersvicClellan 2002)

Call Frequency Number Percent
2 Calls 3188 53.0

3 Calls 1246 20.7

4 Calls 601 10.0

5 Calls 353 5.9

6 Calls 203 3.4

7 Calls 128 2.1

8 Calls 93 15

9 Calls 61 1.0

10 Calls 37 0.6

11 Calls 23 0.4

12 or more calls 88 1.7
Total 6021 100.0

There is also evidendahat domestic abuse cases which result in serious crimes
have a history of repeat victimisation albeit to a much more limited extent. Kansas City
research by Breedlove et al (1977) showed that in 90% of domestic homicides, police had

previously attendedhe address of victim or suspect in the two years prior to the crime

19



and that in half of those cases, they had attended five times or mdffle it should be

Yy20SR GKIFIG . NBSRf20SQa ¢2NJ] ¢ ahisadtich®R 2y |
previous violace in the most serious cases is supported by Websdale (1999) and
Saltzman et al (1992But in all of these cases it is notable that the focus is on homigide

the most serious crime and as such the evidence for repeat victimisation shamicide
seriouscases (near misses, sexual offences etc.) is more limited. However, the potential

for this evidence gives way to the possibility of a linear trajectory of escalatéom it is

this possibility which has become a cornerstone of the contemporary method fo
assessing risk levels in domestic abuse cases in England and Wales (Richards et al., 2008).
One element of this cornerstone belief is that victims of domestic abuse have, on
average, been subjeaf 34 domestic abuse incidents prior to their first corttaath

police (Burris and Jaffe, 1984). This striking number, which has beguatd in English

FyR 2SftakK OANDtSa KIFIa aiyoS bpSréng, SkeNdani& OA & S|
Neyroud (2014) who identified low statistical power and lack of emé& validity in the

source work.The research featured in this papstarts at a point where it is possible,

despite the assumptions of some scholar®@ary, 1993; Straus, 1990b) that escalation

is asspuriousas Burris and Jaf® 34 calls prior to pale contact.

This section would be incomplete without reference to research on places as well
as people. There is a logical progression from the nature of domestic (timeghought
to take place in the homethe phenomenon of repeat victimisation aride theory that
domestic abuse is spatially concentrated to some extent. Sherman (1992) offers a good
indicator that this logic is true with the example of 911 Park Avenue South in

Minneapolis. In Minneapolis Sherman, Gartin and Bueger (1989) found tHahdfukaf
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addresses generated 53% of police calls in a yEaey conclude that relative to the
actual number of placedomestic assaults could happehe concentration is actually
greater than public place crime (Sherman, Gartin and Buerger 19&&conclusion is

fAYAGSR o0& GKS E O fcdmied @hjeh Hafpen loyiside resiignyab & G A O

addresses but still has some merit.

Escalation in Domestic Abuse

With repeat occurrences an evident phenomenon in domestic abuses cases, the question
of escdation becomes pertinentAs is mentioned in the previous section, escalation in
the form of increasing severity and decreasing time periods between offesroealisis a
cornerstone of the England and Wales Domestic Abuse risk assessment process (known
locally as DASHRichards et al. (2008) describe the DASH, an ACPO approved model as
0SAYy3 aSJA a8 sugubst theredsSRigh degree of rigour behind it. It outlines
one question (out of fifteen) with regard to escalation, in two halves: is thesa
happening more often and is the abuse getting worse. These appear to be based on the
assertion that previous offending is the best predictor of future offending. Richards et al.
also indicate that research suggests violence has an upward severigcttngj in a

general sense but they offer no citation as to the evidence behind this claim.

Indeed considering that escalation is attributed such gravitas in risk assessment;
there is little empirical evidence either for or against it. Mildred Pagelow (L884erted
that escalation was something most researchers seemed to agree on, but even then
offered little by way of evidence of this agreement. The first signs of escalation as an
evidenced phenomenon in domestic abuse research came in Leonore Walak

(1979, 1984). Walker surveyed 435 women and their partners and identified multiple
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data points: the first event, last event, one of the worst and the most recent. From this

2 £ 1SN GKS2NAASR o62dzi | Oe Of SouildigLISBEDEE E G A
F2f{f26SR 08 Iy RAFHGDSEYS |LIKG KBS sarigyyhe tyild a S ¢
again with higher severity in the acute phase at each cycle. Although Pagelow (1981) was
critical of the final stage, of which she had found no evidence, Walkerewgigcit that

frequency and severity increase over time (Walker, 1984). ChanrMe®@ellan identifies

Walkel@ failure to develop an effective tool for measuring severity as one of the key

flaws in her work, yet acknowledges that Wal®ers one of the ke citations in the

escalation theory (ChambehdcClellan, 2002).

The survey methodology relied heavily on the vi@mecall of events and as
opposed to crime data, which in England and Wales at least is classified and audited
against a nationally estabhed framework, also put the classification of severity at the

door of victim and researcher.

Other researchers have found mixed results relating to escalation, particularly in
severity. Like Walker, Feld and Straus (1989) also used survey data. @ditentethe
1985 National Family Violence Survey in the United States, their key advantage over
Walkel@ study was a much higher sample size (n=6002) and a longitudinal follow up
survey after twelve months, albeit one that provided only two data pointsirTaealysis
hypothesised that any violence in the first data point would be a predictor of severe
violence at the second. They found that minor assaults in year one were linked to severe
violence reported twelve months later. However, their results aretéchby the attrition
rate associated to their methodology and the subsequent small sample size, both of

which they fully acknowledge.
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Feld and Straddwork (1989) also provides a useful series of theoretical
frameworks to support their hypothesis idefyting the following possible causes of
escalation indicated by the occurrence of minor violence at the first data point: 1) the
normalisation of violence which was previously courtermative, 2) the potential for
reoccurrence of stressors which predicdteinor violence, 3) the attacker is successful in
achieving aims and thus revisits the violence tactic and 4) that one violent attack will
beget a response from the victim at follow up. For balance it is also worth noting that
Feld and Straus hypothesisttere would be a high rate of desistance, which their results

confirmed.

ChamberaMcClellan (2002) had more conclusive results in her analysis of
emergency calls to Georgia, U.S in 1997. Chambers developed a severity score derived
from 911 call operatof@otes and the Conflict Tactics Scale (Gelles & Straus, 1988) and
analysed this and the interval time between episodes across domestic violence for 6,021
households displaying recurrent violence (defined as two or more calls in a one year
period). She foundthat on average the interval between domestic violence calls
decreased by eleven days with each additional call. She also concluded that on a scale of
4 (least severe) to 18 (most severe), violence escalated on average by 0.07 CTS points
with each additimal call. This is perhaps the clearest evidence this review has considered,
but it too is not without its limitations. While the work is longitudinal, and follows cases
over twelve months, this may not be enough time to detect true rates of escalation or
desistance. There is no theoretical or empirical base that states domestic abuse cases
have an average twelve month life span. Cham@eethodology also excludes a

significant amount of cases, most notably those that reported just once. If severe
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violence enanated from these cases it could contradict the general assertion Chambers
(2012200-201) makes about escalation. And while it is probably the most rigorous study
of patterns of escalation, the severity measurement instrumisntot indefensible. The

CT<classification systems are not equally weighted (for instance there is no empirical

evidence that the most severe type of offence is 4.5 times more severe than the least).

Piquero et al. reexamined Sherman and B&k1984 Minneapolis data (n=314)
and fourreplications of that experiment (Piquero et al., 2005) and found no conclusive
evidence of escalation. Collectively known as the Spouse Assault Replication Program
(SARP), these experiments tested the effects of arrest and other means (advice and
separaton) on reoffending ratest A lj dz$rivdrQ tnethodology was to compare the
severity of the call at point of treatment (the presenting incident) and from victim
surveys, the events that took place after that incident. Pigquero and
colleague@neasurement ofseverity was a binary comparison of injury versus no injury.
They found that results varied from experiment to experiment, with some displaying
escalation and others descalation. This work contains strong insight into its own
limitations and highlightshe restrictive influence of missing survey data, the focus on
relatively less severe domestic abuse cases (the more severe cases were not eligible for
the experiments), the lack of more than two data points and the shenrh nature of the
experiments unde examination. Balanced against these limitations, Piquero et al. offers
a strong examination of literature and theory around escalation and highlights two
significant gaps which influence the design of this research: 1) a lack of longitudinal

studies and2) an absence of research focused on escalation within dgadsts of the
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same offender and victim. This unit of analysis is important because relationship is a key

factor in domestic abuse.

Against this backdrop of mixed (albeit limited) findings ford amgainst the
existence of escalation, Piquero et al. draws upon theories of sub groups within domestic
violence cases devised by Johnson (1995) as a potential explanation. Johnson sets out
two mutually exclusive forms of domestic violence based on egiditierature. He states
a2YS O2dzL) Sa Tl dzppakiarddal dekdBisniGt | GMIANIA @ $INIR &
violence which is rooted in patriarchal traditions and typified by men who must exhibit
signs of control over women. He states that othersdaf RSNJ 6 KS GAGES 2F &
A2t SyO0Se¢sx OFrasSa oKSNB @A2tSyO0S ArAa yz2i y?2
occurrenceJohnson asserts that patriarchal terrorism is most often reflected in studies
based on wome® shelter surveys (Pagelow, 1981, Ikéa 1975, 1984). It is in this form
of violence that Johnson suggests escalation occurs. Indeed, he goes as far as to suggest
that NFVS data, which represents greater numbers of common caiglience,actually
indicates deescalation among that group. &hlatter assertion is grounded in more
evidence than the former, for which Johnson only offers Pagelow as a citation, however,
his subclassifications of violent couples provide an interesting context to the issue of
escalation and have potential implicatis for research attempting to identify that
phenomenon, most notably in the notion that data may need to be analysed in a way

that offers a sukclassification of these two theories.

Measurement of Crime Severity
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However it may categorise cases, resaito escalation of severity will need to utilise
an instrument for measurement dhat severity and as such it is worthwhile considering

some of the systems that have been used and are currently being developed.

In her research, McClelladhambers (2002ytilised the Conflict Tactics Scale
(CTS), a three tiered index of violence with multiple levels in each tier sorted in a
hierarchy. CTS was developed by Muray Straus in 1979 as a specific tool for measuring
domestic abuse severity. Levels were establisifeom face to face interviews by
Of  aa A T Ay Fespindedts lialel uSed xol(family disputes. The three indices
measure reasoning, verbal aggression and physical aggression and the system offers a
number of potential analytic options as describeg McClellarkChambers (2002). As
discussed in the review of Chamb@rerk, the CTS is an imperfect measurement tool. It
does not have an equal system of weighting and it can rely on the judgments of
researchers and respondents in classifying the level atlwan event sits. In its favour,

CTS has been examined by a number of different stu@itisough some have found
notable differentials between respondent views and police recorded data (Claes and

Rosenthal, 1990 as cited in McClel@hambers, 2002

Other scholars havdocused on the concept of harm as a measurement of
severity. Sellin and Wolfgang (1964) were among the first scholars to attempt to develop
a different system. They surveyed a range of groups including students, police officers,
judges andcommunity members, asking them to rank 141 crimes on a scale of 1 (least
serious) to 11 (most serious). Their methodology has been subject to considerable
criticism of its sampling methodology but the work found a strong correlation between

the rankings beach group.
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Wolfgang et al (1985) took this methodology further, opening up the ranking
guestions to 60,000 survey respondents. They amended the scoring system to a weighted

range of 0.2 to 72.1 and again found general levels of agreement on sevekiggan

Recently, Sherman, Neyroud and Neyroud (2014) have developed the Cambridge
Crime Harm Index as a successor to Wolfgang and Wolfgang &Setirk. Sherman et
al. (2014) challenge the notidhat a single count of crimes a strong measure of haras
misleading because all crimes are not equal. Instead they propose an index based
alternative which converts each crime into a value and discuss alternatives for the basis
of such an index: firstly, a public opinion based ranking similar to Wol®@jasgondly
the actual cost of crime and thirdly a measure of the actual sentences given for each
crime in a given time period. Sherman, Neyroud and Neyroud reject all three and propose
a ranking system based on the starting point recommended sentence fostatifne
offender. The value of the index is proposed as the number of days in prisorathat
sentence is equivalent t@®ne of the primary advantages cited by the authors is that the
minimum sentence (starting point) excludes all sentencing variables iagsbhdo the

offender@ previous history, which would skew the weighting.

{ KS NI I ¥ m&hbd i$ ddvliszed if somewhat untested at least as a measure
associated to performance. As a measure of scale of harm it is robust, but to date no
study of domestt abuse has utilised it as the primary instrumenttfog measurement of
severity. Equally its external validity for police agencies not based in England and Wales is

limited albeit, it offers a useful structure.

The obvious gap in the field of crime sawemeasurement is that there is no

single taxonomy of harm and thus no one universal tool. The challenge for research in
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this field is to find a model which gives a considered weighting to each type of crime,
based on empirical data. While the Cambridgan@ Harm Index may not be based on
guantitative measures of actual harm (rather sentences are derived from opinion polls,
debates and scrutiny (Sherman, Neyroud & Neyroud, 2014), it at the very least offers a
weighted system of ranked harm linked to a ¢glsle outcome (minimum days in prison

based on sentencing guidelines).

Summary of Literature Review

This review has considered research and publications which establish domestic abuse as a
highly prevalent form of crime. This is emphasised in EnglandMadds in particular by
the HMIC 2014) and the linked work conducted by the Home Office over the last fifteen

years (Walby & Allen, 2004; Dar, 2013).

The same work and others have identified that repeat victimisation and high
concentrations of crime amongmall proportions of the population are tangible issues
(ChamberaMcClellan, 2002; Feld & Straus, 1990; Sherman, 1992; Walby & Allen, 2004).
Within that repeat victimisation there is contrasting evidence to support theories
surrounding escalation. The mgteminant view that escalation of severity and frequency
occurs appears to originate from Wallrwork (1975, 1984) and is attached to the
Opatriarchal terrorisnd view of domestic abuse presented by Johnson (1995). Johnson
also presents an alternative clas 2 F R2YSadAO Fo6dzasS OFasa f16
GA 2t Swich$d not escalate. This may go some way to explaining why studies have
found mixed results ranging from those which present evidence for escalation
(ChamberaMcClellan, 2002; Feld & Strau$989) to those which find no evidence

(Piquero et al., 2005) although it should be considered that all are beset by
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methodological concerns. There is little by way of longitudinal analysis, and this review

has found none concerning dyads.

This review hashown that by looking at some of the established methods for
measuring severity of criméhat there is no single definitive measure part of the
methodological issues that have arisen among the other studies reviewed. The
Cambridge Crime Harm Index ismdified as the model most suitable for an appropriately

weighted system of severity measurement.
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Methods

This chapter considers the methods that have been used to test the research questions
set out in the introductory chapter. It begins by establighthe key definitions related to

the subject matter and then describes the nature and quality of the data that has been
used. It goes on tset outthe analytical methods used to answer each research question

in turn and finishes with a discussion extemal validity.

Definitions
Domestic Abuse

At the outset it is important to define key terms that are repeated many times during this
research. At present, domestic abuse is not a crime classification in its own right in
England & Wales, although the goveram are actively considering legislation to change
this (Casciani 2014). Domestic abuse does have a standardised national definition,
authorised bythe Association of Chief Police OfficebBCPQPand endorsed by the Home
Office (see introduction) but is important to state at the beginning of this section that
domestic abuse can take any form of crime. As a consequence, this study will consider
more types of crime than just violence. Where a vehicle is stolen or a house burgled as
part of a domestic dgute, those crimes are included in this analysis. As an English police
agency, Suffolk Constabulary works to the national definition of domestic abuse and

audits is records to test for compliance with that definition

Dyads
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Much previous research into dom@&sabuse has centred on either victims or offenders.

Little research has been done on trends among dyads (Piquero et al., 2005). As such,
GREFRE Aa Ly dzyFEYATAIFINI GSNY Ay 'Y LR2fAOAY:
refer to a group of twgoeople, but is not reflective of the relationship between the pair.

In this sense, the term is fully applicable to this analysis which will consider domestic
abuse patterns for victim and offender combinations regardless of the nature of their
relationshps. Considering abuse patterns from this perspective will be a useful addition

to the literature on domestic abuse. It is an area often not covered owing to the
complexities of matching victims and offenders from databases in an efficient way but

this resarch has attempted to overcome this problem.
Repeat Victimisation

Although it may seem unambiguous, the term repeat victimisation is often debated in
policing circles in the UK with HMIC reporting that forces vary in the ways they identify
repeats (HMIC2014). With this in mind, it is worth stating at the beginning of this
methodology what this study will mean when using the term. Within this research repeat
victimisation should be taken to mean any victim or dyad that has been subject to two or
more evens within the dataset. It is worth noting the distinction between victims and
dyads here is deliberate. There is the potential for victims to be party to more than one
dyad but the presence of a repeat victim within a dyad does not alone make that dyad
subgct to repeat victimisation. For the latter to be applicable, the dyad must be subject
to more than one event within the dataset. As such the data has been organised so that
victims and dyads can be identified as separate entities. This study does nicufzaly

focus on repeat offending, but where this term is mentioned the same principles apply.
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Data Sources

Suffolk Constabulary records crime on a database known as Crime Information System
(CIS). Emergency and nemergency calls are recorded on a sejta system and it is the

norm that calls which are classified as crimes are entered onto both systems. However, in

the case of domestic abuse related calls, everything is transferred to CIS with crimes
referred to as crimes and calls which are not crirde®8 f £ 2 [j dzA I £ £ @ NI FSNNBR
6dzaS y2y ONARYS&aédd ¢KAA Aad LINAYIFINRE& 06SOI dz
and record its risk assessment (DASH) scores. The product is highly beneficial for this
research because it means a large amoafndlata pertaining to individual cases is held on

one system and therefore in one format. Other agencies and researchers seeking to
replicate this research may need to link data from multiple systems. It is advantageous to

this research that the structuref data for crimes and nearimes is recorded in the same

format with victims and suspects identified even where no crime has been committed. To

be clear, this does not mean individuals are being incorrectly criminalised by Suffolk
Constabulary; rather th& 2 NOS O2y aOA2dzate laaAirdadya NRESa

on the circumstances of the call.

As with all English & Welsh forces, crime in Suffolk is subject to audit against
bl GA2y Lt / NAYS wSO2NRAY3I {GF yRI NRofférieesw{ 0 LJI
is determined by the recording parties either in the Contact and Control Room (CCR) or
08 UKS Ay@SaitAaraAayda 2FFAOSN ! aFtlF3IE Aa
is falsely marked in the positive it is declassified by theerregistrar or by domestic
abuse specialists in the Central Tasking and Referral Unit. The latter also performs the

role of identifying domestic cases which are falsely negative.
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The original data extract from CIS provided 143 variables pertainirtgrs ilike
crime classification, date and time, location of event, detection status, victim and
offender and risk assessmer¥ariables weresupplemented in the data cleaning and
analysis phases of this research and the final number of variables is ab@vBldiGall of
these have contributed to the final analyses but hopefully this summary gives a sense of
both the scope such a rich dataset potentially offers and the complexity of handling such

a large set of variables.

Data Issues and Limitations

As is caamon with many police datasets, the pool of domestic abuse data extracted from
{dzFF2t1 /2yadGlodzZ I NeEQa /L{ &a@daiSY KIFIR | GAF
it.

No Crimes

Like all police forces in England & Wales, Suffolk Constabulary sasetietlassifies

crimes where there is evidence that no crime took place. These are colloquially referred

G2 Fa ay2 ONAYS&Ed GKAOK LINI QUAGADONENBR2E ®S
¢KS 2NRAIAYIE RFEGE SEGNIY OlGerivEAOKO YO2BDSNE RO § ¢
GAGKONWESaé¢ 0T O2y Gl Ay SR * danuary 2009 ahdS30se WaRclE 0 S (i
HamMn® opy NBO2NRA 6SNB YINJSR Fa ay2 ONARYS
0.01% of the original dataset this appears to be low, but themroon practice is to

NEBOf I daATe R2YSaiOND YiSyazx o0 NRY SFaENI(K2S Nd yg2yW] K

understand why in these 358 cases this did not happen.
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Free texfields

{dzFF2€1 [ 2yaidl odz | NE Qfiece text fieldsOvighintakeghdysis: Y dzY &
difficult without extensive reading and codinfylost of these were excluded from this

analyss with the exception oWictim occupatio®With regard to this field searches were

O2y RdzOGSR 2y GINARFGA2ya 27F (KS cages WdBre thedzy S Y LI
victim had at some time been unemployed. Caution should be used accordingly when

interpreting those results.

DASH

7 A

hyS 2F (K AAIAYATFAOLIYG FTRGEYyGl 3Sa 2F { dzFF2¢
This includes 57 variables based the question set completed by officers with victims

and the risk level subsequently prescribed by domestic abuse specialists. The potential

for meaningful analysis here was significant but sadly this data contains a high rate of
missing values (81%) owg to the DASH/CIS process not being started until late in the

period covered by the dataset. Future iterations of this analysis will be better positioned

to mine this potentially useful source of data but for the most part, this research has not

examinedthese variables.

Major Variables in the DataAge

Analysis of the age profile of the dataset revealed two notable issues. Firstly, despite the
domestic abuse definition not applying to victims below 16 years of age, a number of
records appeared in the-06 age band. This was partially due to the inappropriateness of
the database age bandings, partially due to input error of date of birth and partially due
to incorrect application of the definition. In 40 % of the 609 events where the victim is

marked asunder 316, the victim was actually 16 at the time of offence, and therefore
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eligible under the definition of domestic abuse. Of the remaining 364 events, 298 relate
to repeat dyads and 66 to single event dyads. None were eligible for the study group of
five or more events in a three year period. These 364 events were subsequently removed

from the data set

Victim URN

¢KS Y2ad aA3IyAFAOFIYy(d 2o0adl O0fS (2 YSIyAy3aTd:
was the absence of a victim unique reference numtiéiRN). Offenders and suspects are

Of FaaATASR 0@ | ay2YAYylLfé ydzYoSNI 6o6SIAYyYyAy3
The force regularly audits these records to remove duplicates and as satypicalthat

analysis focusses on repeat offending arffiender profiling more frequently than it does

victims. Victim details are recorded howeyéhe dataset contains surname, forename,

gender and data of birth as well some higher level address information relating to where

the event took place. iswitha 2 YS 2F GKSaS @FNAIo6ftSa GKIFy |

created for victims in the dataset. The process for this is described as follows.

For each record afata (n=3,742 a new variable was created concatenating the
victim surname and date of birth. hwas the basis of a victim URN but remained subject
to errors, primarily in spelling or incorrect dates of birth. As such, further cleaning was
NBIjdzZANBR (2 YIGOK RAFFSNBYU GAOIAY &)l wbaé o

s

To achieve this,each¥ (G KS @GAOGAY a! wbaé¢ gl & | LILIXAS
a code based on the letters that appeared in the victim forename and surname and the
district and sector in which the event took place. For example, John Smith, victim of crime
in Newmarket, Foret Heath would generate a code of HIJIMNOSTForestHeathNE. The

component parts of this code are the letters which appear in the name, in ascending
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alphabetical order, the district in which the event took place (Forest Heath) and the
sector in that district n which the event took place (in this case NE stands for
Newmarket). These codes were timesorted in ascending order and used to aid a visual
matching exercise of the database. Where codes matched the episodes were assigned a

YIG§OKAY 3 @A Ol k te fisst URN that a@ppelarddSnRhe 8equepce

There were two inherent flaws in this process which merit discussion. Firstly, the
coding system assumes that even when names are mistyped, they use the same letters.
{ SO2yRf&x AlO I &adpésStike plakd il thedsardldcaity, vhich BF Sy
course, they may not. However, both these flaws were partially mitigated by the manual
nature of the matching exercise, whereby the author visually examined each record and
was able to identify where these flawyielded errors. This was done in short batches of
around 1,000 records over a period of about two months to reduce the chances of human
error. It is important to underline that this process is not without its limitations, but it

represents a methodicalral meticulous attempt at defining unique victims.

Other Data

While the CIS dataset is varialsleh, this research does not include data from other
systems which may relate to victim, offender or dyad. Some e$dldata are potentially
highly relevant. Siiolk Constabulary keeps additional information on intelligence, prison
sentences and domestic abuse interventions which could be pertinent but the complexity
of data matching and accessibility of these datasets has prevented them from inclusion in
this research. Similarly, it may be useful to explore other data from CIS pertaining to0 non

domestic abuse records of the suspects and victims in this dataset, but again time
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constraints and the limits of the research questions have precluded this. These issues a

considered in more detail in the discussion chapter.

Missing Data

Other data variables besides DASH were subject to missing data in various degrees as

denoted byTable 2.

Table2: Summary of Missing Data Values in Suffolk Constiaiby Domestic Abuse Dataset

Variable # Blank Record: Percent

Date reported 5 0.01
Finalisation date 2931 7.90
Victim age 3624 9.77
Suspect age 1703 4.59

With respect to victim age, the proportion appears problematic to analyses. However, of
the 3,624 records with this data missing, 37% were for victims who had at least one other
event attributed to them and in the majority of those cases, the age variable was not
missing in all of the other events. This meant that the actual percentage of events with

missing victim age is somewhat lower than 9.77%.

Procedure
This study seeks to address five principle research questions set out with their analytical

methodologies as follows.

What is the Extent of Repeat Victimisation?
There is a strong evidence basw fepeat victimisation among domestic abuse cases

(Chapter 2:

37



Repeat Victimisationand indeed for escalation to be detectable through quantitative
analysis of police records, there needs to be. The aim of amsgvéhis question is to
establish whether the evidence found elsewhere is replicated in Suffolk. This should give
an indication as to the detectability of escalation if it exists and should also lend useful

context to researchers seeking to replicate twsrk in other jurisdictions.

The principle method of analysis to answer this question is a comparison of the
counts of dyads, offenders and victimmseach level of events (one event in the dataset,
two events, three events and so on). The analysigrighrree times to establish to what

extent victims and offenders move between dyads.

What is the Conditional Probability Associated to Repeat Offending?

{ KSNXYIY FTyR .SNJ1Qa o6mdpynyv g2N] &asSiad GKS

Qx

increasing at Igher rates of repeat victimisation. This research aims to replicate their
methodology to test if the same is applicable to domestic abuse cases. Simply put, if you
call x number of times, how likely is it that you will call agaimdwith what degree of
likelihood The answer has a high level of potential significance to risk assessment;

particularly if it can be further established how likely that next call is to be serious.

Does Severity Increase with Further Events?

One of the central aims of this reseh is to establish whether there is any upward or
downward trajectory in levels of severity. The principle instrument for measuring severity

in the analysis undertaken to answer this question, is the Crime Harm Index (CHI). To
achieve this, a new variableas been added to the dataset and a LOOKUP formula
applied to insert a CHI value based on the NCRS classification of the event. The LOOKUP

function identifies the relevant event classification in a croeference table which has
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been manually populatedybthe author based on the original work of Sherman, Neyroud

& Neyroud (2014) and further research conducted using UK Sentencing Guidelines
(SentencingGuidelines Council, 2008; Sentencing Council, 2011; CPS.gov.uk, 2014). The
resultant lookup table contas CHI values for 119 offence types and a substitute value
6nodmM0O | &&AANIBRS di20 wydeew Kl & o0-OBK Y SESt SONBRS
sentence tariff or equivalent other than an investmagftpolice time. As such this is the

lowest value possible ithis version of CHI, but as it is more than 0 it will influence mean

harm scores.

To track the trajectory of harma dyad study group of cases meeting a higher
repeat threshold was identified. Eligibility for this group was determined as a minimum of
five events (crime or nowrime) in a period of three years commencing from the date of
the first event in the dataset. The three year period was determined to achieve
consistency between the dyads and a substantially longer longitudinal period than other
studies have analysed. The number of events was set at five to enable an opportunity to
see change over a range of data points. Again in this regard, this study goes further than

many of its predecessors. The study group compriset2@flyads.

For each of thee dyads, the CHI scores were mapped across each event in the
sequence and the mean CHI score for each sequential event was then analysed using
ANOVA to test for significant variance. This analysis was repeated on four further cohorts
derived from the elidple dyads to determine if significant change in severity occurred
within the eligible group. These cohorts were 1) those dyads which were among those
which caused the most cumulative harm, 2) those dyads where an arrest was made at

first event, 3) those yads which took place in an area classified among the highest

39



quintile for deprivation and 4) those dyads which had a gap of less than 60 days between

the first and second event.

Does Intermittency Decrease with Further Events?

The other side of the esalon issue is intermittency. This research also seeks to
establish the voracity of the theory that calls to police become more frequent with each
passing call. As with the question concerning severity, ANOVA tests were used to test a
null hypothesis thatthere was no difference in the mean intermittency between any
combination of events. These tests were run for the 727 dyads with five or more events
in a three year period antivo cohorts derived from this group. Firstly, chronic high harm
cases which feared with those dyads contributing to 80% of CHI scores in the whole
dataset. Secondly, those dyads in which events took place withi2@kemost deprived

wards in Suffolk. These cohorts were chosen to test if the null hypothesis was proven or

disproven m the particular circumstances each cohort reflected.

The variable under scrutiny was the number of days that had elapsed between the
reported date of each crime in the sequence. Using this variable does not control-for so
Ol ff SR aKA a2 NNAMIN&Eod2dhys, wgeBstanddnsskngNases months
and years after an event has happened) but it does reflect intermittency of reporting. In
any event, analysis of the dataset showed that 82% of events were reported on the same

day they were committedrad 93% within seven days.

Where ANOVA tests led to the rejection of the null hypothesislz] JHer@sily
Statistically Different (HSD) tests were used to identify between which particular events

in the sequence that the differences were attributed to.
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Abuse Cases?

The final question this research seeks to address concerns concentrations of harm. In his
Joan McCord Prizkecture, Lawrence Sherman (20G¥#scussed a potentiabkition to

the problem of criminological experiments yielding small effects. His progasafocus

interventions and research on the small percentage of places, victims, offenders and

l

other units that produced the greatest amount of hagw | & Sy S f I9RG SINJ TS 4

This research will explore this concept with regard to dyads, victims and geographical
units using a descriptive analysis of the variation in levels of harm and if applicable those
with the highest cumulative harm when cressferenced withother variables such as

age, ethnicityand gender.

External Validity

While national statistics on domestic abuse are not available in England & Wales, HMIC
NBLR2NI G(GKIFIG R2YSAGAO 6dzAaS NBLINBaSyida oz
and 7% ofall its recorded crime& comparable with the national pdson (HMIC, 2014

While Suffolk is predominantly a rural county, it has a number of urban areas and
corresponding issues with high deprivation and comparative levels of some types of

offending.
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Table 3showsa comparison of Suffolk against the overall figures for England & Wales for

illustrative purposes:

Table3: Summary of Key Demographic Statistics for Suffolk and England & Wales (Suffolk County Council,

2012)
Statistic Suffolk England & Wales
Age Groups
0-19 24.4% 23.9%
1864 59.4% 59.2%
65+ 18.3% 16.5%
Gender
Male 49.0% 49.2%
Female 51.0% 50.8%
Ethnicity
White 97.2% 85.9%
Black and Minority 2.8% 14.1%
Ethnic

{dzFF2f 1 [/ 2yadl odz I N&abdé to &heii English faddfeBh 0 S C
forces in many regards, but most particularly in the application of NCRS rules. This alone
should mean that all forces in England & Wales could derive some relevance from the
findings detailed in the next chapter. Whatléss certain is the replicability of this study,
GKAOK gAfft 0S RSLISYRSYylG 2y FT2NOSaQ AYRAGAR

Gy DWNRA YSaé o
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Results

This chapter begins with a description of some of the key features of the data to place the
reaults in context. It then addresses each research question in turn, considering analysis
from the perspective of dyad, victim and offender as the unit wherever relevant and
possible.These suisections begin with analysis of the extent of repeat victim@saand
offending. The chapter then moves on to analysis of conditional probability of further
calls. It then presents the findings of the ANOVA and -post tests in relation to
escalation of severity and decreasing intermittency between calls. Finglhgsents an
analysis of the concentrations of harm, assessing what proportion of harm is attributable
to what proportion of unitsThe chapter contains a considerable amount of material and
so concludes with a summary of results which is-dwided by eal of the research

questions.

Description of Data

The final cleaned dataset contained 34 domestic abuse event records that were
recorded within Suffolk Constabulddyd 2 dzNBetwvéeh © Gangayy 2009 and 31st

March 2014. This data included crimeg RSNJ F2NXIFt b/ wONRSFAE A
(where a report had been made but no crime evidenced) and-matifiable crimes
(ostensibly crimes, but where there is no statutory responsibility to report to the Home

Office).

43



Figurel: Number of domestic abuse Crimes, nanimes and nomotifiable rimes
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58% of the dataset relates to namimes, which adds a substantial amount of
power to the analysis irhe following subsections. This simple statistic is interesting in its
own right; suggesting that a high amount of police demand relating to domestic abuse
may come from incidents which are not crimes. This inference is weakened by the
absence of weightings which will be covered later in this chapter, but it is valid to
considerthat in the majority of cases, police resources are dispatched to attend the

location of the event and conduct a risk assessment as a minimum.

The majority of nomotifiable offences relate to malicious use of public
communications networks to send indedemr obscene messages. Although ron
notifiable for statutory statistical returns, the sentencing guidetide enable a CHI value

for this type of offending.
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Figure2: Numbers of crimes by classification
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The majority (82%) afrimes within the dataset are classified as some form of violence

which includes threatening behaviour as well as contact violeNeelent and sexual

offences have typically been the principle focus of domestic abuse research but in this
instance they wi form just 33% of the overall datasett KS Y I 22 NA (& 2F W2
are public disorder, which are narontact but can relate to threatening or intimidating

behaviour.
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Figure3: Breakdown of categories of violent crime
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As Figure 3hows, most violent crime is recorded with no injury or with less serious

Ay 2dzNE O

¢KS avyzailié aSNRAR2dza Ayedz2NE ol aSR
The key demographic breakdowns of the data are also worth consideration.
Table 4: Age breakdown of male and female victims in domestic abuses cases
Age Female Male
16-18 1400 317
1829 10158 2240
30-39 6337 1613
4049 5253 1609
5059 1865 829
6069 540 369
70-79 228 141
80-:89 49 19
Not Stated 20 2
Blank 2636 1021
Total 28486 8160
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Table 4 excludes 97 records where gender data was missing. It shows that in 77%
of cases, victims of domestic abuse in Suffolkfaneale The most frequent age banding
is common for males and females with 189 year olds making up over a third of all

domestic abuse events.

The dataset also showed that most victims of domestic abuse in Suffolk were
G2 KA GS (asbassifiecEbi the Home Office 16+1 ethnicity codsshowrin Figure
4. 88% of victims fell within this category which Bable 3showed is approximately

correlated with the demographics of the county.

Figure4. Breakdown of events by ethnicity
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Figure5: Number of unique dyads, victims and offenders
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Figure 5gives a clear message regarding victim and offender movement in dyads. The
ratio of unique victims to dyads reearly1:1. For offenders it iabout 33% higherThis
indicates that offenders in Suffolk had a greater tendency than victims to feature in
multiple dyads. The victim ratio is also interesting as it indicates that at least 3,321

victims have reported more than one event.
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Repeat Victimisation

Dyads

Figue 6: Number of dyads by level of events reported
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Figue 6 shows that most dyads presented to Suffolk Constabulary just once
during the analysed period. Indeed those 18,476 dyads represg@?i of all dyads that
reported in the dataset meaning a total prevalence of repeat victimisadimong dyads

of 24%.

It is also very evident that there is a decay effect with the number of dyads
decreasing at each additional event reportédgue 6 has aggregated those dyads that
reported six or more events in the whole dataset for the purposes of presentation, but it
is worth examining the breakdown of dyads that reported in this group. The maximum
number of evats reported by a dyad was 23, but only one dyad reached this level. Only

four others exceeded 19 events and there were less than 40 dyads at each level from 13
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19 reports. In total 125 dyads (0.7% of all dyads in the dataset) reported more than ten
times, which at the very minimum would be approximately two calls per year. While this
is a small proportion of the overall dyad population, it indicates chronic problems do

exist.

Table5: Breakdown of dyads with six or more events

Number of Number of dyads Number of victims Number of
events reported offenders
6 202 241 271
7 115 167 171
8 71 102 120
9 46 80 94
10 37 59 61
11 27 41 32
12 11 13 34
13 12 23 25
14 16 9 19
15 5 12 13
16 3 5 14
17 0 6 6
18 3 9 4
19 5 2 5
20 4 7 5
21 1 5 6
22 0 4 3
23 1 1 3
24 0 1 1
25 0 0 0
26 0 0 0
27 0 3 0
28 0 1 0
29 0 0 0
30 0 0 0
31 0 1 0
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Victims

Figure7: Number of victims by level of events reported
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Figure7 also gives a clear indication that most victims reported one event in the

dataset. However, the prevalence of repeat calls among victims is higher than among
dyads. 32% of victims reported more than one event to Suffolk in the five years, three
months analysed, 8% higher than dyads. This indicates some movement of victims

between dyads.

The decay effect present with dyads is equally applicable to victims, with
decreasing numbers at higher numbers of evgntdowever the data indicates that there
were nmore ¥hronidvictims than dyads, again suggesting that victims are subject to

abuse by more than one offendefhe maximum number of events attributed to one
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victim was 31 and there were 23 victims with 20 or more reports as compared to just four

dyads. h all 202 victims reported morhan ten times.

Offenders

Figure8: Number of offenders by level of events reported
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Figure8 shows that repeat offending was more prevalent in the dataen
victimisation among either dyads or victims. 65% of offenders were linked to just a single
event, lower than the 76% of dyads and 68% of victims already shown. This indicates that

offenders arealsoassociated to multiple dyads.

While the decay effdds also present among offenders, there are higher numbers
at higher levels of events than for victims and dyads. 22 offenders were linked to more
than 20 events by comparison to 15 victims and just four dyads. 235 offenders (1.1%)

were linked to ten or mare events compared to 202 victims and 125 dyads.
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Multiple Dyads

Table6: Per cent of victims and offenders present in more than one dyad

Per cent
Victims 12.5
Offenders 16.7

As suggested by other findings, offenders conteitoffences against multiple victims to

a greater extent than victims were victimised by multiple offenders. 2,615 victims in the
dataset were victimised by more than one offender. That represents 29.5% of all repeat
victims.By comparison, 3,144 offendeoffended against multiple victing47.6% of all

repeat offenders.

Conditional Probability

Dyads
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The initial probability tha dyad reporting once will report a second event is just
24%. This probability rises with each subsequent event reported. If a dyad is the subject
of two events, then it is 44% likely to report a third. If it reports a third, it becomes 54%

likely to report a fourth and so on.

This analysis identifies two notable peaks. Firstly, the conditional probability rises
to around 70% from the 8th event onwards. Secondly, after this point that probability
rises even further, peaking at 82% likelihood that a 13h will follow the 12th. After
this point the probability scores become volatile due to the low numbers of dyads at

those levels of event reporting

Figure10: Conditional probability of further crimes reported at each cumulative2 G £ 2 F R&l RQa
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Figure 11 builds onFigure9 by adding probability scores at each event in the
sequence for two additional variables. Firstly, the probability hed hext event is any

crime (thus excluding all necrime events) and secondly the probability of the next event
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is a crime with a CHI value of more than 30 days in priBbe.probability the next event
is a crime peaks at 42% at event ten. The probaliiidy the next is a crime that carries a

CHI value of 30 or more peaks at 12% at events ten and twelve.

Victims
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The inital probability that a victim reporting domestic abuse for the time will
report a seconddomestic abuse event is at 32%, higher than for a dyad. This can be
explained by the fact that some victims feature in more than one dyable6). The
probability of further events then remains higher than the equivalent levels for dyads up
until the eighth event. The result is striking. After just the second event there is just less
than a one in two chance that this victimlhieport a third to police in the future. At five
reports, there is 70% likelihood and the probability stays around this level until the

numbers of cases become small and percentages volatile.

55



Offenders

Figurel2: Conditional prolability of further events reported at each cumulative total of offender events
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A first time offender of domestic abuse is 3% more likely than a victim to be the
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multiple dyads.Likevictims and dyads, the probability of further events rises with each

event reported until the numbers of cases in the dataset become so low that they

produce erratic results. Like dyads and victims, by the time an offender has been subject

of a third call, there is a better than one in two chance that they will be the subject of a

fourth. After ten events, probabilities exceed 75% indicating that chronic offending issues

are highly likely to remain chronic.
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Escalation in Severity

All Eligble Dyads

Figurel3: Average CHI scores in first 10 events for all eligible dyads
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From event 1 to event 16igurel3 indicates an upward trajectory in the mean
CHI values for the firseh calls among all eligible dyads. This analysis is restricted to the
first ten calls as sample sizes drop away after this point. For evebthé sample size
was 727. By event 10, the sample size was 92. Standard deviations were above 100 for 6
out of the 10 events indicating that CHI scores varied frequently for the eligible dyads at
most events. A single factor ANOVA test determined no statistical signifidg@¢d8023

=1.76 p=.07.
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Chronic High Harm Dyads

Figurel4: Average CHI scores in first 10 events for all eligible dyads featuring with dyads causing 80% of
cumulative CHI
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Figurel4 suggests no consistent upward trajectory in mean CHI scores from event
1 to event 10 among mgible dyads who were within the group of dyads contributing 80%
of cumulative CHI in the whole datag@able9)® ¢ KA & 3INB dzLJ A4 NBETFSNNB
KI N Re@& I Radétshoufdrbe moted that this isvery small sample sizAs would
be expected given the criteria of this cohort, the average level of harmhigdeer than
for other cohorts.Sample sizes were extremely low, falling to just 18 cases by eveAt 10.

single factor ANOVA test determined natsstical significanced=@, 539) = 1.29, p=.24
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Arrest at First Event

Figurel5: Average CHI scores in first 10 events for all eligible dyads featuring with dyads where an arrest
was made at the first event
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Figurel5 indicates an upward trajectory in mean CHI scores between events 2
and 6 for this cohort (n=189). At event 6 the sample size was 114 and after this it declined
considerably to just 20 cases at event X0single factor ANOV#est determined no

statistical significancd=(9, 1200) = 1.24, p=.26.

59



Higher Deprivation

Figurel6: Average CHI scores in first 10 events for all eligible dyads featuring with dyads where events
took place in an area within thenost deprived in Suffolk
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Figurel6 indicates an upward trajectory for mean CHI in this cohort (n=450) albeit
with four events showing declines in average CHI scdres.sample size at event ten
was 54. Standardeviation was above 100 for eight of the ten evemssingle factor

ANOVA test determined no statistical significarfe@®,2974) = 1.00, p=.44)
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